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The GHOSH sampling method | u | . -
Initial pdf Pdf after evolution
Three facts you want to know about ensembles: i | i
1. An ensemble is a representation of the probability density function f)
(pdf) of the uncertainty of the state of the system .

2. Evolving the ensemble is not a good proxy of the evolution of the
uncertainty pdf, i.e., the diagram is not commutative!

3. The ensemble mean after the evolution is affected by an error that
can be reduced by increasing the order of the sampling method. Model operator
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A sampling has order h if the ensemble mean is exact after evolving the

Ensemble Evoluted ensemble

pdf with any polynomial model operator of order not bigger than h
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